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Abstract In the traffic engineering, we need a real-time traffic information. The real-time traffic information is
obtained by periodically collecting the traffic information from traffic monitors. However, collecting a large amount
of traffic information takes a large overhead to the network, especially at the links near the control server. In this
paper, we propose a method that can collect the real-time traffic information without causing a large overhead to
the networks. In this method, we first create the traffic prediction model and share it between the traffic monitor
and the control server. Then, the difference from the model is collected. When collecting the differential data, the
data is compressed based on the compressive sensing. In this paper, we evaluate our method by simulation and
demonstrate that our method can collect traffic information without causing a large overhead.
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