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Abstract The amount of traffic through networks is increasing both in quantity and in fluctuation. One approach
to accommodating such fluctuating traffic is to dynamically control resources in a network based on the predicted
traffic. In this approach, the accuracy of the prediction is important. There are many methods to predict future
traffic. Most of them predict the future traffic from the traffic rates of the previous time slots. However, it is difficult
for these methods to predict future traffic accurately, because the traffic is affected by the human behavior, and the
sign of the traffic change may not be included in the past traffic data. In this paper, we discuss the predictive traffic
engineering methods using both of the monitored traffic data and real-world information. In this method, we need
to decide the amount of resources based on the monitored traffic and real-world information, whose relation to the
future traffic is unclear. In this paper, we apply a mechanism of human brain, which makes decisions from uncer-
tain and incomplete information, to making decisions in the predicted traffic engineering. Through simulations, we
demonstrate that our method avoid congestions without allocating a large amount of resources.
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