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Abstract Many kinds of service have been provided through networks as Internet of Things (I0T) devices become popular.
Traffic from such services should be accommodated so as to satisfy the requirements which depend on services. One approach
to accommodating traffic so as to satisfy the various requirements is to use the network slicing, which provides multiple
network slices for the network services. Resources for each slice should be dynamically allocated so as to follow the traffic
changes. Because the real-world condition has a large impact on traffic changes, real-world information is useful to predict
future traffic. However, the relationship between real-world information and future traffic is difficult to model. In addition, it is
difficult to collect all information censored in the real-world in a short time interval, and only a part of the information can be
monitored. In this paper, we discuss the method to handle real-world information to predict future traffic and dynamically
control the resources inspired by the human brain cognition process.
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