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A rate control method for QoE improvement
in video streaming services based
on a human cognitive model
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Bayesian Attractor Model (BAM) [7]
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[7] S. Bitzer, J. Bruineberg, and S. J. Kiebel, "A bayesian attractor model for perceptual decision making,” PLoS Computational Biology, 2015.




2019/2/13

REFE - saM & BEBOEM

&> 0SAKA UNIVERSITY 7

o IRKRTHUSTIERFIATAERE,. BE/\Y J7RE BAMAAA
« FIFATTHERISIE. BROOBE (TIAT ) 2RETBTEC,
TOAL MM XAV O REEMZ S EICEE
- FAUHSEESEBE/\Y I 7 RORREEM
. FIATTAERSEL BRIRAIAERE W bL— b ENITEVD
. BE/\vI7R:3EE (R &8 £55TERL) OEN

ni

Video server

1. BAM NELAIEEOA N
\ Pelon) Bayesian attractor model

-

Video player

download

Request

state ¢, state ¢, state ¢,

g

2.99>0-RT3EIAZ D
Ev hL—hEER

&P 0SAKA UNIVERSITY 8

REFE - 1-—Y0oRHBLEEY FL— MEIR

RANUIH AR BE/ Y D 7 REXUV DT DIFH (LIS T
Ev bL— hZ#ER
IA—HDEFHDIAFTHIEUTUTD 2 FAAERE

Prefer high image quality : Ev hL-— hDB S &L ER
«  Prefer stable image quality: Ev bL— hOZEBDKSZ LERIVER
EHEBRICHLT

Prefer high image quality
RTEH'SBBIRO

B hl— hE3EIR

I\ D7 (CIEBDBNA G B HRE
FIREIHERIEL DGRV E Y hL— hEEIR

BEINB3EY FL—MERE

Bayesian attractor model

P(zxo.)

Prefer stable image quality
Iy D7 [CRIaN'SBIRE, FIFEIREREE
BARVEECRUEY bL— hEis
Iy D7 [CIEBODBNA G BHE
FIFIEIHEBIEREL D BERVE Y L — bEEIR

Q OSAKA UNIVERSITY 9 Q OSAKA UNIVERSITY 10
REFE _1-—voFHBLEEY NL— NER SR
- BAURIREERE B (v T 7 BB LU 1—FOFHIIEL T - FREERS

Ew hL— hZ&5&ER

- DEFHDT A THlE L TUTO 2 BEEEE

«  Prefer high image quality : Ew hL-— hOBEEZ LLERINER

«  Prefer stable image quality : Ev hL— NOZBDE S % LEEIETR

§’E7'E:E¥"-N LT Prefer high image quality
BENBEY FL—RERE |, v orCamnsaRD,
BN CHBLEY L — bE#ER
- )Y D7 (CIEBDBNA B BRI
FIRTEIRERIEL D BEVE Y L — MEEIR

Bayesian attractor model
Pzilxoe)

|
i
I
I

tate z Prefer stable image quali
Iy I7 (CREN SIS, FIRETAEREE

Am—- BARVEECACEY bL— MEiif
- Ity D7 BN SR

FIFEIRESEL D BEVE Y bl — MEER

- FHEHS ZaL—>3> EREICKDEHE
- 5 DROBBEORIREZAAE
o BRA]EEIRE w RL— b 1 0.5Mbps, 1.0Mpbs, 1.5Mbps, 3.0Mbps, 5.0Mbps
v hD—URIE  FIARRSEZ 30 BT EICDBEX
o FLERAIARE NS 9.0Mbps, 4.0Mbps, 2.0Mbps, 1.0Mbps, 2.0Mbps, 4.0Mbps (D& iR L
© 222l —>3>TRIRIA b/ A X zfts
« R (ITHIHD noise level (%) (noise level = 10%, 30%)
«  FHEEER
+ QoE (CREEES5X BBHA L BIER TREFHZ M
« THEY L — b BRULBETI X > N+ XS5 2 RERE T8l > f2fE
« By bL— OIS : BE 15 HI2DDEY bl — MNE{CEDIEHE
- Uy D7 USIRRS  BEOBEFILEOSE
. RIFI—V
+ BOLA-O [15]: MPEG-DASH DU SA 7> "I U —2 3> DBREETH
3 dash.js (CRESNTVBFILTUX LA

[15] K. Spiter, R. Urgaonkar, and R. K. Sitaraman, “BOLA: Near-optimal bitrate adaptation foronline videos,”
inProceedings of IEEE INFOCOM, July 2016.
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