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Abstract When an incident occurs, the administrator is required to handle the incident. It is useful not only to detect an
incident but also to present information about the incident. One approach to presenting information on incidents is to learn the
explanation of incidents from the past incidents. However, this method may present wrong explanation if the newly detected
incidents are different from any past incidents.

In this paper, we discuss a method for presenting information on the detected incidents without misleading administrators
even if the incidents are different from any past incidents. In this paper, we develop a system that presents the name of

the incidents similar to the detected incidents and the difference from the incidents.
Keywords Machine learning, Incident, Explanation
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